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Wald TypeconfidenceRegions
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Wald interval for Oj
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ScoreTest
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Score test is in variant to reparameterization

Assume D I D g
S gcs O Hs

qgCx Pages x

I 5 x Its log Pgcs x

I O
gcs x ICD

J 5 J gcs gcs

s e Go
so

I too
o

if Oo g E

EI S parameter exp fan

X X
d ez't Aq

Hx

Tffz X ETC XD nucz

11 I G 5 Etui nuczi H XI
P

ETC Xi nm yo

tan
Nco D



EI Pearson's X test goodness of fit
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Composite vs Composite

Ho OE Oo us Hide 100

Assume Q Rd Q do dim manifold

Oo e relint Q

onto
Likelihood smooth

Then 2 bacon Lcd X'd d
where do agg Inco X

why Assume w og 00 0 J o Id reparam

And locally I'ln O an Id near 0
i

qq.fi 11o 0n1l Projq
On

2618 l.co e n 110in Proia 8 l

n I Pro d It
É

X'ddo



Asymptotic Equivalence
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Asymptotic Relative Efficiency CAIE
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