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# compare our words to the dictionaries of positive & negative terms

to understand how to conduct research, do research survey and pos.matches = match(words, pos.words)
. - .match tch ds, .word
think through the problems and figuring out the path to the best neg.matehes = matchiords, neg.words)
1 . . . # match() returns the position of the matched term or NA
result. Through this project I am also going to learn some % we fust want o TRUE/FALSE:
Machine Learning techniques and practices. pos.matches = 11s.na(pos.matches)

neg.matches = !is.na(neg.matches)

This 1s the word cloud for the customer reviews of ipad2 from Amazon
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# and conveniently enough, TRUE/FALSE will be treated as 1/0 by sum():
score = sum(pos.matches) - sum(neqg.matches)

»> Based on the method above, I can get a sentiment score finally.
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